
In corporate practice, Artificial Intelligence (AI) systems 
are increasingly applied in various usage scenarios to 
both improve frontstage and backstage processes, and to 
create new products and services. The phenomenon of 
AI is facilitated by developments in IT, i.e., advancements 
in computing power, algorithmic capabilities, and 
data storage [1], [2]. However, only 20 percent of AI 
projects are successfully deployed in daily business, 
which reflects the effects of the various challenges 
that AI imposes on organizations. Therefore, this study 
reports on AI-specific challenges in managing respective 
projects in their organizational environment, and how 
the participating companies are about to approach these 
challenges as they are starting their AI journey.
AI can be characterized as machines performing the 
cognitive functions typically associated with human 
cognition, such as perceiving, interacting, reasoning, and 

learning [3]. In that, AI moves beyond classic automation, 
as it takes over certain degrees of cognition in order 
to provide two types outputs – decisions or solutions 
[2]. To provide these cognitive outputs, AI systems are 
rather trained than linearly programmed. This difference 
between programming software and training AI models 
has far reaching implications regarding the activities 
and practices that are completed in each type of project. 
Going along with that, four characteristics of AI can be 
observed in the study that represent drivers of the AI-
specific project management challenges. These drivers 
are the :

- experimental character
- the context sensitivity
- the black box character
- the learning requirements of AI.

EXECUTIVE 
SUMMARY

3
The context sensitivity of 

AI requires new strategies 
for scaling respective 

initiatives.

Scale the data engineers, 
not the data scientists 
to enable distributed 

computing of the models 
and to adequately align 

data sets needed for (re)
training.

2
The black box characteristics of AI can lead to a twist in 

performance perception.

Constantly communicate to make the stakeholders 
understand what AI is in general, and what hides within AI 
as a black box by using e.g. reference cases of high impact 
and by early integrating the end users of the systems into 

ideation and development through e.g. design thinking 
workshops.

In this study, we present 14 AI project 
management challenges and first 
exemplary steps that organizations take 
to resolve them.

1
The learning requirements 

of AI impose new 
challenges on stakeholder 

communication and 
expectation management.

Let the AI itself 
communicate to the end 

users what it is capable of 
doing.

5
The black box 

characteristics of AI make 
holistic project governance 

inevitable.

 Establish general 
contracts with suppliers 

on data safety and ethical 
governance.

4
Successful AI solutions 

require both domain 
expertise (context 

sensitivity of AI), and data 
science and engineering 

expertise.

Conduct semi-open 
project onboarding 

events with self-selection 
mechanisms and establish 
clear product ownership in 

business departments.

9
The lion’s share of project 
risks hides in the data sets 
required for training and 

testing.

Include data quality 
assurance mechanisms in 
AI projects, such as peer 
data reviews, data stage-

gates, automated data set 
screenings etc. 

7
The learning requirements 

of AI demand a 
reassessment of key 

performance indicators 
(KPIs)

Assess AI systems based 
on KPIs that have been 

originally used to assess 
the performance of 

humans.

6
The experimental 

character of AI initiatives 
changes the role of proof-

of-concepts (PoCs).

Establish bonus-malus 
clauses tailored to the 

expected AI performance 
to mitigate outcome risks.

10
The experimental 

character of AI requires 
a scientific evaluation of 

results.

Test the solution outcome 
quality in cooperation 
with third parties such 
as domain experts and 

scientists to reach 
objectivity.

8
The learning requirements 
of AI lead to a shift in risk 
distribution over the time 

period of AI projects.

Conduct PoCs in a hypo-
theses-driven manner for 
certain building block of 
the solution before it is 

rolled out to a constantly 
increasing number of 
users in a productive 

environment.

13
Project managers need 

to proactively search for 
scaling opportunities of 
hardware and software 

investments.

Assess investments in 
software and hardware 

with respect to their 
extendibility to a set of 

further use cases beyond 
the scope of a single 

project.

12
Project managers need to broaden their horizon as AI 

systems require life-long learning.

Plan for a continuous retraining and testing beyond 
the time frame of the actual implementation of the 

AI system, for instance by establishing “pipelines” for 
regularly sourcing new training data directly via APIs to 
continuously evaluate the AI models for adaptation and 

improvement potential and necessities.

11
The context sensitivity of 
AI requires to foresee (re)

training efforts.

Plan data cleaning and 
relabeling as part of your 

sprints based on the 
timeliness requirements of 

the data sets needed.

14
The black box 

characteristics of 
AI require project 

management to assess 
the required level of 

transparency.

If necessary, let the AI 
verbalize its actions 
towards increasing 

explainability of outcomes.
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